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A B S T R A C T

The abstract nature of algorithms and data structures poses challenges for students, and the integration of
visualization into comprehensive learning systems remains underexplored. This article presents VisualCode-
MOOC, incorporating VisualCodeChat, a conversational agent that enhances algorithm and data structure
learning through dynamic visualizations and personalized feedback. The platform effectively addresses these
challenges, improving student engagement and comprehension. With instructions structuring, novel response-
based algorithm visualization, exercise design, VisualCodeMOOC provides a cohesive and supportive learning
environment that promotes active learning. Evaluation results demonstrate its usability, responsiveness, and
educational value, confirming its potential as a promising tool for advancing computer science education.
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. Motivation and significance

Learning algorithms and data structures pose significant challenges
or students, particularly due to their abstract nature [1,2]. These
opics are foundational in computer science, yet students often strug-
le to grasp them, leading to frustration and disengagement [3].
lgorithm visualization has been identified as a powerful tool for
iding comprehension by transforming abstract concepts into tangi-
le visual representations [4]. However, while visualization has been
mployed in educational settings [5], its integration into a compre-
ensive learning system that addresses the diverse needs of students
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remains under-explored [6]. This gap highlights the need for inno-
vative approaches that combine visualization with other educational
technologies to improve learning outcomes.

Massive Open Online Courses (MOOCs) have democratized access to
education, making high-quality learning resources available to a global
audience [7]. Despite their widespread adoption, MOOCs often suffer
from low engagement and high dropout rates [8,9]. Intelligent Tutoring
Systems (ITS) have shown promise in enhancing MOOCs by providing
hints [10] and dynamic assessment [11], yet their application remains
limited. The integration of ITS within MOOCs, particularly for complex
topics requiring deep understanding, is still an evolving area of research
vailable online 11 February 2025
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that requires more robust solutions [12].
Intent-based chatbots can identify and respond to user intents using

redefined intents [13]. In contrast, conversational agents like ChatGPT
outperform intent-based chatbots, making them powerful tools for
ersonalized learning and engagement in education [14]. Thus, con-

versational agents have emerged as a promising tool in education [15].
Although these agents have been employed to answer queries related
to algorithms and data structures [16,17], their application in helping
students fully understand these topics remains limited. Existing systems
do not fully exploit the potential of combining conversational agents
with visualization, an approach that could greatly enhance student
comprehension.

This article presents VisualCodeChat, a conversational agent tool
that integrates visualization with interactive exercises to support learn-
ing algorithms and data structures. The article demonstrates how to
incorporate this conversational agent as an ITS within a MOOC plat-
form, offering a more personalized learning experience. Our resulting
platform, called VisualCodeMOOC, leverages the chatbot to guide stu-
dents through course topics using visual representations and engaging
exercises.

This article is structured as follows. Section 2 describes the structure
and functionalities of VisualCodeMOOC, including detail implementa-
tion method of VisualCodeChat. An example of their use is presented
in Section 3. The design of the experiments and evaluation results is
hown in Section 4. Section 5 discusses the impact of VisualCodeMOOC

and VisualCodeChat. Section 6 summarizes our findings and proposes
opportunities for future work.

2. Software description

2.1. Software architecture

2.1.1. The MOOC
Some prevalent MOOC platforms include Coursera, edX, and

demy, attracting learners from all over the world [18]. MkDocs [19]
erves as a lightweight framework for online courses, facilitating a
treamlined process for MOOC creation. In this study, we developed a
ew MOOC platform named VisualCodeMOOC (Fig. 1) using MkDocs,

and enhanced with the Material theme [20]. Course contents are
inserted through revising files. Numerous projects have successfully
everaged MkDocs to create MOOCs. Notable examples including a
ighly acclaimed self-study guide for computer science [21], as well

as open e-learning courses and platforms across various fields [22,23].

2.1.2. Integrating chatbot into MOOC
Previous studies have made attempts to integrate conversational

gents into MOOCs [24,25].
A previous study [26] explored changing the mode of information

delivery from text to voice to engage students more effectively.
In this paper, a chatbot capable of dynamically visualizing algo-

rithms (VisualCodeChat) is integrated into VisualCodeMOOC, which
supports a new form of adaptive teaching activity. VisualCodeChat is
integrated into the MOOC pages as Inline Frame elements. In addi-
tion to VisualCodeChat, each topic in VisualCodeMOOC includes other
learning activities, such as videos and after-class exercises.

The software architecture is illustrated in Fig. 2. The topics and
hatbot interactions can be revised by the instructor (1). Lessons in

VisualCodeMOOC begin with an introductory video (2). Students learn
the details of the algorithm by engaging with VisualCodeChat (3). After-
class exercises are included for each topic (4), and a cloud database is
connected to synchronize data (5).
2

2.1.3. Implementation of VisualCodeChat
VisualCodeChat is based on ‘‘NextChat’’, an open-source project

hich is developed using Next.js and Node.js [27]. It connects to an
OpenAI API of GPT-3.5 [28] to process all the messages received (6).

Chatbot instructions structuring. The key to creating an effective
chatbot exercise is to provide clear instructions for the conversa-
tion flow before the interaction begins. These instructions are well-
structured into steps in JSON format, which is intended to guide and
constrain the API responses. The instructions include requesting the API
to return data that will be used as input for the visualization module
mentioned later. The teaching process of VisualCodeChat is divided
into four sections: an English explanation of the algorithm, a detailed
annotation with visualization, a code learning portion, and practice
testing. During the detailed annotation phase, the chatbot presents
the algorithm step by step, each followed by a Q&A session in order
to ensure students’ understanding. By structuring instructions in this
manner, we limit the scope of the conversation and further mitigate
potential hallucinations, thereby creating a more effective and reliable
ducational setting.

From text to visualization animation. Building on the open-source
roject, a visualization module based on d3.js [29] is integrated (7) to

transform abstract algorithmic concepts into visual representations.
The process of generating a complete chatbot response is illustrated

n Fig. 3. The structured instruction, along with the entire chat history,
s provided as input to the API (a). The API’s response contains both the
ext tutoring message and the input for the visualization component.

For each API response, visualization data are extracted using regular
xpression (b), a well-established and common practice for extracting
ata [30,31]. The extracted data serves as the input parameter of

the visualization components to generate animations aligning with the
ongoing conversation (c). For certain exercises, the data required for
visualization animation is generated in the JSON format, and wrapped
in special characters for easier extraction and future removals. The
JSON data is separated from conversational content before displayed
in the chatbot interface, which ensures a smoother user experience. Fi-
nally, the tutoring message, combined with the animation generated by
the visualization components, constitutes a complete chatbot response
presented to the user (d). Meanwhile, the new message is incorporated
into the chat history to generate the next chatbot response (e). Alter-
native visualization libraries can be used, provided the extracted data
is correctly formatted to ensure compatibility with the visualization
components.

Exercise design. The questions of the practice test are in either gap-fill
or multiple-choice format. They are not pre-defined but are dynami-
cally generated by the chatbot to ensure the questions are personalized
based on the previous conversation. The four question categories are:
conceptual understanding, algorithmic comprehension, coding profi-
ciency, and analysis of time complexity. While the pre-designed teach-
ing plan includes a limited number of questions, students can request
additional relevant questions from the chatbot.

Software customization. Instructors can tailor the content by mod-
ifying existing visualizations, adding new ones, creating additional
courses, and so on. For further details on customizing the contents,
please refer to the GitHub README.

2.2. Software functionalities

VisualCodeMOOC offers 24 pre-defined commonly taught algo-
ithms and data structures topics. These include 12 algorithms for

novice-level programmers, 8 for intermediate-level, and 4 for advanced-
evel. Each algorithm has been rigorously pretested in pilot experiments

to ensure compatibility with the OpenAI API.
Each pre-defined exercise proceeds according to the following rou-

tine (the numbers in the brackets refer to Fig. 4). First, the user
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Fig. 1. VisualCodeMOOC Page.
Fig. 2. Software Architecture.
chooses a topic and watches an introductory video (1–4), then ready
to interact with VisualCodeChat. The chatbot greets the user (5–8) and
begins teaching the algorithm according to the preset four teaching
sections mentioned in Section 2.1.3. The teaching procedure starts by
explaining the algorithm in words (9–12), followed by step-by-step
illustrations with corresponding visual animations (13–18) and a code
3

interpretation section (19–22). After introducing new concepts or steps,
the user is always prompted to confirm understanding. Finally, practice
questions are provided, with answers given after students attempt them
(23–26). The chat data is synchronized to the cloud database after the
conversation for backup (27, 28). There are extra exercises after the
chatbot tutoring (29, 30).
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Fig. 3. From Text to Animation.
3. Illustrative examples

The following example illustrates an interaction of a student learn-
ing the bubble sort algorithm using VisualCodeChat.

The student begins by selecting the topic ‘‘bubble sort’’ and watches
an introductory video on the algorithm. Subsequently, the student
enters the corresponding chatbot session to learn the detailed imple-
mentation method. The following four stages show how the chatbot
works.

3.1. VisualCodeChat welcome

The teaching process begins with a welcome message, such as, ‘‘Hi
there, it looks like you have chosen to learn bubble sort today. Are you
ready to dive in?’’ The student can simply reply ‘‘yes’’ to proceed the
conversation.

3.2. Adaptive teaching

VisualCodeChat teaches the student about bubble sort using barchat
animation according to the preset pipeline. Besides the four teaching
sections mentioned in Section 2.1.3, the student is free to ask any
relevant questions along the chatting process.

The student’s interaction with VisualCodeChat is facilitated through
simple responses and questions. The chatbot initiates and leads the
process, and the student may simply respond to the questions posed
by the chatbot or pose related questions during the conversation.

The questions from VisualCodeChat are straightforward, such as
‘‘Are there any questions?’’. The reply is usually as simple as ‘‘No
4

question, I understand’’ to proceed to the next step, or type in the
problems encountered to obtain further explanations. Because some
algorithms may include repeating steps, the chatbot sometimes asks the
student to answer questions related to the topic, as demonstrated in the
response shown in Fig. 5. In this example, the reply first describes the
current step of the algorithm (‘‘compare 10 and 6, and swap...’’), then
encourages the student to reflect on the next step (‘‘Could you tell me
what the next step should be?’’). The bar chart at the bottom of the chat
bubble is an animation that visually illustrates the bar swap for the
current step. The animation repeatedly shows the exchange between
the bar representing 10 and the bar representing 6, reinforcing the
concept for the students. The reply message dynamically adapts to ac-
commodate student’s learning pace and individual inquiries. In Fig. 6,
the content in the first chat bubble is similar to the one in Fig. 5, which
incorporates analysis of the current step, animation and interactive
prompt. In the second chat bubble, the student asks a question about
the order of comparisons, then in the third chat bubble, the chatbot
answers the question by discussing the example the students provided.

3.3. Interactive learning

Mistakes from students are addressed in different ways depending
on the stage. VisualCodeChat provides an immediate correction if the
student makes a mistake during the step-by-step illustration phase. If
the mistake occurs during the multiple-choice question (MCQ) stage,
the student is prompted to try up to a total of three attempts. The
chatbot provides comments on the student’s answer to the quizzes, and
offers elaborate analysis.
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Fig. 4. Sequence Diagram of VisualCodeMOOC.
Fig. 5. VisualCodeChat Encourages Students’ Independent Thinking.
The student can request hints for the questions. For instance, the
student asks, ‘‘Can you give me a hint to solve this question?’’. The
chatbot responds with a hint such as, ‘‘Consider how the elements
should be arranged in ascending order’’.

3.4. Completion of the learning

Upon completion of the learning procedure, the message, ‘‘Congrat-
ulations! You have completed the learning. Feel free to ask me any
related questions’’. will be displayed to the user. If they wish, users
then have the option to either inquire further about the algorithm or
ask for more practice questions.
5

4. Evaluation

4.1. Pilot testing

The pilot testing was conducted with 16 international college stu-
dents in a programming course at Ulink College Suzhou. The primary
objective was to gather preliminary feedback and refine the experimen-
tal procedures, and the results confirmed the validity of the experi-
mental design. For instance, when a student asked a question about
vague content, such as ‘‘What is array indexing?’’, our VisualCodeChat
contextualized the explanation further: ‘‘Array indexing refers to the
method of accessing individual elements within an array using their
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Fig. 6. Adaptive Interaction: VisualCodeChat Explain Based on Student’s Question.
index’’, accompanied by a specific array example. Furthermore, if a
student asked questions unrelated to the teaching content, leading
to topic drift [32], our VisualCodeChat successfully maintained the
conversation within the original instructional scope or declined to
answer.

4.2. Main study

The main study took place in the course ‘‘Computer Programming
for Financial Mathematics’’ at Xi’an Jiaotong-Liverpool University. This
involved 88 students from the BSc Financial Mathematics, who had no
prior background in programming, making this their first systematic
programming course. The topic of the experimental course was three
types of sorting algorithms, which require computational thinking and
understanding of algorithmic complexity. This makes them a challeng-
ing topic for programming beginners and an ideal subject for assessing
the effectiveness of our approach [33]. The following usage data was
collected:

• 88 students used our platform, resulting in a total of 171 individ-
ual learning engagements.

• The students engaged with VisualCodeMOOC a total of 1336
times.
6

A mixed research methodology was employed integrating both qual-
itative and quantitative methods in practice to uncover how Visual-
CodeMOOC facilitates and enhances the learning experience of pro-
gramming students. The rationale for choosing this approach is to
enhance the robustness of the research, providing a deeper understand-
ing of the phenomena, and offering better explanations of the research
findings [34].

4.2.1. Quantitative evaluation
To collect quantitative data, a questionnaire was designed utilizing

the Chatbot Usability Scale (BUS) [35]. The widespread application
of BUS in numerous studies related to Chatbots has confirmed its
rationality and efficiency [36,37]. This questionnaire features a set
of BUS attributes designed to assess satisfaction with chatbots, along
with items informed by Šimoňák’s study [38] on the helpfulness of
visualization tools for learning algorithms. The questionnaire comprises
17 items, which are grouped into the following categories: Perceived
Accessibility (PA); Perceived Quality (PQ); Conversation and Informa-
tion (CI); Perceived Privacy and Security (PPS); Response Time (TR);
and Algorithm Visualization (AV). Each item is evaluated using a 5-
point Likert Scale (LS), where 1 represents strong disagreement and 5
represents strong agreement.
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Table 1
Reliability analysis: Item-total statistics.

Item Scale Mean if Item
Deleted

Scale Variance if
Item Deleted

Cronbach’s Alpha if
Item Deleted

Q01 66.679 65.396 0.888
Q02 66.333 68.425 0.889
Q03 66.704 64.211 0.881
Q04 66.617 64.439 0.881
Q05 66.642 63.508 0.880
Q06 66.605 66.517 0.887
Q07 66.556 65.950 0.885
Q08 67.259 62.019 0.885
Q09 67.074 63.319 0.884
Q10 66.716 64.531 0.882
Q11 67.086 61.355 0.879
Q12 67.247 64.688 0.892
Q13 67.185 63.178 0.883
Q14 67.222 62.9 0.888
Q15 66.704 69.186 0.895
Q16 66.568 66.398 0.887
Q17 66.802 62.41 0.88
Table 2
Questionnaire Results: Number (N), Standard Deviation (SD), Average (AVE), Response Distribution.
ID Cat. N SD AVE Response

Q01 PA 81 0.85 4.32
Q02 PA 81 0.52 4.67
Q03 PQ 81 0.71 4.30
Q04 PQ 81 0.66 4.38
Q05 PQ 81 0.76 4.36
Q06 PQ 81 0.72 4.49
Q07 PQ 81 0.65 4.44
Q08 PQ 81 1.06 3.74
Q09 PQ 81 0.91 3.93
Q10 CI 81 0.73 4.28
Q11 CI 81 0.89 4.14
Q12 CI 81 0.74 4.52
Q13 CI 81 0.90 4.38
Q14 PPS 81 0.85 3.78
Q15 TR 81 0.75 4.30
Q16 AV 81 0.71 4.40
Q17 AV 81 0.89 4.20

Average 4.18
5-point LS Category 1 2 3 4 5
f
g

R

i

SPSSPRO [39] was utilized for the reliability analysis, employing
ronbach’s alpha and Standardized Cronbach’s alpha to assess inter-
al consistency [40,41]. The result of Cronbach’s alpha was 0.891,

indicating a high level of internal consistency close to 0.9 [42]. The
tandardized Cronbach’s alpha was 0.897, further corroborating the
nternal consistency [43]. Furthermore, The analysis in Table 1 indi-

cates that item deletion minimally affects mean and variance, with
Cronbach’s alpha remaining above 0.88, thus reaffirming the results’
high internal consistency [44].

Specifically, given that the participants’ past experiences with simi-
lar chatbots, finding that over 96% had previously used such products,
with the majority using them daily. This indicates that the participants
possess a foundational ability to evaluate VisualCodeChat. The detailed
nalysis followed the methodology of Kayal et al. [45] and is presented
n Table 2. The average score of 4.18 reflects positive feedback, with
A and most PQ questions scoring over 4.0 and a standard deviation
elow 1, indicating strong usability and clarity; CI and PPS questions
urpassed the midpoint, suggesting favorable comprehension and accu-
acy, while AV scores exceeded the overall average, highlighting the

effectiveness of our algorithm visualization.

4.2.2. Qualitative evaluation
In addition to the quantitative analysis, qualitative data was col-

lected from open-ended questions to gain deeper insights into our
7

S

study. Thematic analysis [46] was employed as the methodological
ramework due to its effectiveness in summarizing key features and
enerating unexpected insights [47]. Adhering to the six phases [48] to

create Table 3, which presents the initial codes derived from the topics
and corresponding participant responses, in accordance with Shoufan’s
methodology [49]. Based on concrete feedback and the alignment
between initial codes and topics, our work meets the four evaluation
criteria.

Additionally, chat logs were analyzed using criteria centered on
esponse Quality Judgments [50] to assess response quality. Notably,

multiple records indicated that participants asked specific questions
and received accurate answers. For example, when a participant re-
quested, ‘‘give me the definition of Insertion Sort’’, VisualCodeChat
successfully responded, ‘‘Insertion sort is a simple, comparison-based
sorting algorithm..’’.. Most records indicated that the visual content
generated was accurate and provided clear assistance, which was pos-
itively affirmed by students with responses such as ‘‘yes, ready’’ and
‘‘let’s go’’ for subsequent coding tasks.

5. Impact

Existing research on ITS as chatbots has mostly focused on enhanc-
ng personalized student learning experiences, such as when learning
QL (e.g., ChatbotSQL [51]), learning to code (e.g., Dodona [52]) or for
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Table 3
Thematic analysis result: The initial codes and examples.

Topic Initial Codes Example

PA

Ease of Use The operation is simple, and the interaction is easy to
understand.

Availability The page is clean and convenient, with quick access.

Inclusivity Compared to regular AI, it provides more targeted responses,
allowing for a deeper understanding of my programming
learning needs.

PQ

Response Speed The response is extremely quick.

Response Accuracy Provides complete algorithm information, with accurate and
thorough explanations.

User Satisfaction I find Code Examples extremely beneficial for my studies.
The chatbot can generate and display code examples to
demonstrate the practical application of Java concepts. These
examples are invaluable resources for learners to study and
learn from.

CI

Clarity and Conciseness With detailed code explanations and in-depth interpretations
of concepts, I can better understand newly defined code and
learn to use it effectively.

Information Relevance The teaching-oriented topics are also very convenient,
well-guided, and paced. Sometimes, if I stray off-topic, it
reminds me to continue studying the relevant topic.

Personalization This chat is very intelligent, capable of understanding some
of the more difficult questions I pose and providing suitable
answers.

AV

Transparency Detailed visual representations of algorithms provide an
intuitive understanding of each step in the code, greatly
aiding my comprehension and learning process.

Interpretability Visualization accurately depicts the algorithm, helping me
grasp how these algorithms work more intuitively and
allowing me to internalize abstract concepts in a visual and
intuitive manner.

Educational Value When I understand the steps of the algorithm based on the
text it provides, using the visualization helps me remember
better.
v
i
p
h
i
s

p

W

medical training [53]. Chatbots have also been used to create MOOC
ssessments, enhancing self-evaluation and personalizing the learning

process [54]. Building on these previous works, our VisualChatMOOC
uses a chatbot for assessments and offers detailed instructional steps
for learning algorithms and data structures. Further research is needed
to optimize the integration of ITS within MOOCs, exploring more
sophisticated adaptive learning mechanisms and leveraging real-time
chat data to personalize learning paths.

VisualCodeChat, the chatbot component, provides visualizations in
he interactive discussions to support the learning of algorithms and
ata structures. While chatbots have been used to generate images for
isualizing data [55], our approach dynamically generates animations

based on randomly generated examples provided by the chatbot within
he conversation. This enables students to request visualized examples,
ddressing the gap in algorithms and data structures education by
urning abstract concepts into tangible visual representations.

Future research could focus on refining the visualization capa-
ilities of chatbots, making them more intuitive and responsive to
tudent queries [56]. Additionally, exploring the long-term impact of

chatbot-assisted learning on student performance in algorithms and
data structures could offer deeper insights into the efficacy and knowl-
edge retention of this tool [57]. This research is conducted at a local
college and a university via VisualCodeMOOC platform, which will
be shared globally with more institutions and students for future im-
plementation. Further development and use of visualization-capable
chatbots for learning other subjects [58] will be reflected on Visu-
lCodeMOOC as well. Furthermore, exploring how our chatbot and
isualizations can be applied in other educational settings, such as
on-MOOC-based LMS platforms, is valuable. A potential approach
ould involve developing more flexible learning environments, like
nteractive ‘‘playgrounds’’, to offer personalized learning experiences.
8

6. Conclusions

VisualCodeMOOC, integrating VisualCodeChat as an ITS within a
MO-OC platform, has demonstrated significant potential in enhancing
the learning of algorithms and data structures. By offering dynamic
isualizations and personalized feedback, the platform addresses the
nherent challenges of learning these abstract topics, leading to im-
roved student engagement and comprehension. Our evaluation results
ighlight the system’s effectiveness, with positive feedback on usabil-
ty, responsiveness, and educational value. This confirms the system’s
uccess in achieving its objectives, making it a promising tool for

improving computer science and software engineering education.
Looking forward, future research should focus on enhancing the

ersonalization and responsiveness of the platform, potentially through
advanced adaptive learning mechanisms and more responsive visual-
izations. Expanding the application of the platform to other complex
subjects and assessing its long-term impact on student performance are
also crucial steps. Additionally, integrating the VisualCodeChat with
broader educational ecosystems could provide a more interactive learn-
ing experience. With these enhancements, the platform could serve as
a model for a transformative approach to adaptive online teaching and
learning.
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